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Abstract- Early detection of Diabetic Retinopathy is important task for patient vision. This diseases is affected by several abnormality, one of the 
first sign of disease is Microanerysms. To detect this abnormality, we have to extract all candidate regions for Microanerysms in retina images. In this 
paper, proposed three stages for extraction of candidate region from retina images. In the first stage, the system removes the noise in the retina image 
and in second stage applied contrast enhancement to retina image for improvement of candidate of lesions. In third stage, all  possible candidates are 
extracted from retina images through Gabor filter. In this paper, proposed Extended Median filter for the removal of noise and with the combination of 
Gabor filter, matching filter and local entropy thresholding technique, this system ensemble to improve the candidate lesions extraction. The proposed 
system is evaluated using Driven database. 
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I  INTRODUCTION 
 
Diabetic retinopathy is one of the major causes of blindness and it happen due to the variation in the blood vessels structure. Retinal 
vessels are part of circulation system, it is only part can be directly visualized and analyzed. Vascular network in retina is affected by 
diseases like diabetes and hypertension [1]. Changes in the blood vessels can be detected by the retinal vessel segmentation and this 
process gives the details about the vessel location. Through this detection of abnormality such as Microanerysms (MAs), exudates are 
easy [2, 3]. According to recent research outcomes that 285 million people are in the age group of 20-79 are affected by diabetes in the 
year 2010 worldwide [4]. 50.8 million People affected by diabetes in India in the year of 2010 [5]. 
 
Detection of abnormality is important task for detection of diabetic retinopathy. For this detection, extract the candidate region it 
gives all possible objects in MAs. These regions are given to feature extraction, based on the feature vector diagnose the disease of 
diabetic retinopathy. Due to the presence of noise in the retina images, it is difficult to identify the blood vessels. So need to remove 
the noise through preprocessing. 
 
During image acquisition, image and video signals can be corrupted by salt and pepper noise. Image corrupted by the salt and pepper 
noise, the noisy pixel is denoted by maximum and minimum grey value. Maximum value is 255 and minimum value is 0. Many 
nonlinear filters have been proposed for removal of salt and pepper noise from the image. Among the most popular nonlinear filter is 
standard median filter, this filter replace the center pixel by the median value without considering whether it is uncorrupted or 
corrupted. So it remove some of the edges and it also applicable and effective one for low level noise density [6]. 
 
In [13, 14, 15 and 16], authors used median filter for the removal of noise in the retina image. Gaussian low pass filter is used to 
reduce the influence of noise through this accurately detect the Microanerysms in the classification stage is described in [17]. Mean 
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filter and Gaussian filter in preprocessing step is described in [18] for removal of noise in retina image.  
 
Basically segmentation of blood vessels is classified into two types that are pixel processing-based methods and vessel tracking methods 
[1]. In [19], author proposed the edge detection, matched filtering and region growing methods all combined and used for the 
detection of retinal blood vessels in retinal images. Combination of morphological filters and cross-curvature are used for the 
segmentation of blood vessels in the retina images are described in [20]. In [21] different image segmentation techniques are used for 
the segmentation of blood vessel in the retina images, survey of various segmentation of blood vessel techniques are described in [22]. 
 
This paper presents a candidate lesions segmentation through Gabor filter, matched filtering, entropy based thresholding. The main 
components of the fundus retina images are blood vessels; it is used to analyze the disease in the retina image. Noise removal is more 
important one, because due to noise the detection of blood vessel is difficult. So in this paper removal of noise is carried over through 
proposed extended median filter algorithm. Gabor filter is implemented for frequency selection. 
 
The organization of the rest of this paper is as follows. Section 2, gives the related work, Section 3, describes about the new noise 
detection and filtering algorithm for retina image and the removal of blood vessel and extraction of candidate lesions. In section 4, 
experimental results are presented and it is compared with existing median filter with discussion. The conclusion of this paper is given 
in section 5 
 

II  METHODOLOGY 
 
The system extracts the candidate region for increase the accuracy of classifier. In this paper candidate region extraction in three phase. 
In phase 1, it improves the noiseless retina image through proposed Extended Median filter. Phase 2, it improves the contrast of dark 
regions through smoothing and contrast enhancement. In the final phase, remove all blood vessels from the candidate pixel to improve 
the classifier accuracy. 
 
 
 
 
 
 
 
 
 
 
 

 
Figure 1. Block Diagram for the proposed system 

A. Extended Median Filter: 
Preprocessing is a vital process in an image processing. It is initial process and it is useful for extracting the features accurately and it 
would be helpful in classification stage. The captured fundus images are affected by noise due to movement of camera or respective 
patient in the time of image acquisition or unfavorable lighting condition. So in this process the images are denoised and enhanced. In 
medical field noise removal is difficult one because this may affect the whole image and their results. Many types of filter are available 
in medical images. Median filter is efficient in removal of noise and for smoothing the image. In this, proposed Extended Median Filter 
for removal of noise in the retina image. The input fundus image contains red, blue and green channel. In this paper green channel 
have to be taken for processing, because it is absorbed by blood vessels and reflected by retina pigment. It also has higher contrast 
between the blood vessels and retina background while red channel is rather saturated and the blue channel is dark. Noise is corrupted 
by salt and pepper noise, the noisy pixels are randomly are corrupted by two values are 0 and 255 [12]. There are four cases in our 
proposed algorithm for removal of noise in the retina image.  

 
 

 
 
 

Figure 2. Sample     sliding window 

Here                                         are the pixels in the given     sliding window. First extract the green channel 
from the fundus image for further processing.  

Case 1: Select     sliding window, in this case     is a processing pixel. Check whether the processing pixel contains noise (0/255 
pixel value) or not. Following condition is satisfied 
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In this case, second condition is happened then sorted the nine pixels in the ascending order. We get a sorted sequence: 

    
̅̅ ̅̅     

̅̅ ̅̅      
̅̅ ̅̅      

̅̅ ̅̅      
̅̅ ̅̅      

̅̅ ̅̅     
̅̅ ̅̅     

̅̅ ̅̅     
̅̅ ̅̅ . Through this sequence extracting the median value   . Then the corrupted pixel is 

replaced by the extracting median value   . 

      }                 (2) 

Case 2: After the      processing pixel, have to check diagonal pixel            in the same     sliding window. Check whether 
the diagonal pixel contains noise (0/255 pixel value) or not. Following condition is satisfied 

                                   

                                   
}           (3) 

If the pixel is corrupted as noise then sorted the diagonal pixel             in an ascending order. We get a sorted 

sequence:    
̅̅ ̅̅    

̅̅ ̅̅ and    
̅̅ ̅̅ . Then extracting the median value for this sequence   . Then the noisy pixel in the diagonal values are 

replaced by this median value    . 

Already we know that       .  

              }                (4)                                                                                                  
Case 3: After the diagonal pixels processing, check the vertical pixel in the same sliding window. Check whether the vertical pixel 
contains noise (0/255 pixel value) or not. Following condition is satisfied. 

                                   

                                   
}            (5) 

If the three pixels are corrupted by noise, then we have to sort these pixels in ascending order. Ascending sorted sequence are 

    
̅̅ ̅̅    

̅̅ ̅̅ and    
̅̅ ̅̅ . Extracting median value for these sorted sequence is    . Corrupted pixel in the vertical values are replaced by this 

median value    . We know that         from case 2.  

               }                (6) 
Case 4: After the vertical pixel processing, check the horizontal pixel in the same sliding window. Check whether the horizontal pixel 
contains noise (0/255 pixel value) or not. Following condition is satisfied. 

                                   

                                   
}                                                 (7) 

If the horizontal pixels are corrupted by noise, then replace this noisy pixel by median value      of these three horizontal pixels, that 

are extracted from the sorted ascending sequence of these three values     
̅̅ ̅̅    

̅̅ ̅̅ and    
̅̅ ̅̅ . We know that         from case 2 

               }                                                                        (8) 

Figure 3 gives the example for proposed extended median filter algorithm. Fig 3.a is the first     sliding window. After the fifth, 
diagonal, vertical and horizontal pixels, it switch over to second sliding window it is given in fig. 3.b 

 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 
 

 
 
 
 
 
 
 

Figure 3.Example for proposed Extended Median Filter algorithm (a) First sliding window and their function of fifth, diagonal, vertical and horizontal pixel (b) Second 
sliding window 
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B. Smoothing and Contrast Enhancement: 
After the efficient noise removal technique, smoothing the image is needed. Morphological operation of opening and closing is done 
with structural element and it is described as: 

                (  )( )   (  )[ (  )( )]                                         (9) 

               (  )( )   (  )[ (  )( )]                                           (10) 
In the above two equation sB is taken as structuring element B of size s and f is the filtered image. The output of smoothing image 
contains the dark lesions. For easy detection in the classification stage, to improve the lesions using adaptive contrast enhancement 
technique. 

 

C. Gabor Filter: 
Candidate region is a small circular object, it is shown as dark red dot and patches in the retina images. This region can be identified by 
our eye but sometime it can be varied through their texture, contrast and blood vessels. Through this variation in the images it can be 
difficult to identified, so they are extracted through Gabor filter and blood vessels are segmented. 
Gabor filter have been used in texture analysis, image processing for their excellent properties of spatial frequency localization and to 
compute the simple cells in the visual cortex [7-9]. Gabor filter is important for frequency tuning and orientation selection. Due to this 
property, rotate the retina image and detect the blood vessels through this orientation. Basically Gabor filter centered at (0,0) in the 
spatial domain is described as 

 (                 )  
 

√     
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]   (       )(11) 

In the above equation               and                , spatial frequency is indicated by         , standard 

deviation is represented by           and finally   denotes the orientation.  
Spatial frequency gives the relation that is 

         and        (12) 

In the above relation   gives the relation that is 

  √  
    

 (13) 
Based on equation (2 &3), equation 1 changes into 
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In the above equation   
  

  
, it is an elliptical Gaussian envelope aspect ratio. The Gabor filter is centered at  (     ) is simply 

described as(                 ).Given input image I is centered at (     ) is computed as the convolution as 

  ∑ ∑  (   )   (                 )(15)       

The maximum Gabor filter using frequency and scale values is evaluated using below equation for   spanning from               at 

steps of    . 

  (   )     | (     )|(16) 
After the extraction of candidate regions through Gabor filter. This region contains false lesion regions in their blood vessels pixels. So 
we have to remove that false lesion region for further processing. The accurate segmentation of blood vessel is carried out through 
matched filtering, entropy based thresholding, length filtering, and vascular intersection detection is described detailed in [10, 11]. 

D. Blood vessel segmentation: 
Matching filter is used for the segment of blood vessels in the retina image. Equation for the matching filter is described as: 

 (   )      (
   

   )      | |  
 

 
                                                    (17) 

In the above equation length of the segmentation is denoted by L, in which the vessel has fixed orientation. Blood vessel is oriented in 
different angles; kernel is needed to rotate to all possible angles. Blood vessel segments are extracted from the retinal images. Local 
entropy based threshold technique is implemented in this paper for extraction of vessels 

I. EXPERIMENTAL RESULT  

The proposed technique is tested for fundus retina image. Performance of proposed noise technique is computed using performance 
metrics such as PSNR, MSE. The images are collected from the driven database. 

    
 

  
∑ ∑ (       )

    
   

   
                                                   (18) 

             
    

   
(19) 

MSE denotes the Mean Square Error, PSNR indicate peak signal-to-noise ratio. I define the input image and F indicate filtered image. 
The proposed technique is compared with existing median filter through performance metrics. 
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(a) Input Image (b) Green Channel Image (c) Filtered Image (d) Filtered Image 

Figure 4. Noise Removal: (a) Original retina image; (b) green channel obtained from (a); (c) filtered output from existing median filter; (d) filtered output from 
proposed extended median filter 

 
 

(a) Smooth image (b) Contrast Enhanced image 

Figure 5. Red lesions Enhancement (a) Smooth image obtained from fig .4(d); (b) contrast enhanced image obtained from (a) 

 
   

(a) 45 degree rotation (b) 90 degree rotation (c) 135 degree rotation (d) 180 degree rotation 

Figure 6. Gabor Filter banks and their orientation 

 
 

Figure 7.Red 

candidate lesions extraction. (a) Segmented red lesions containing spurious region; (b) segmented blood vascular pattern using [10, 
11]; (c) candidate lesions after vessel subtraction 

TABLE 1. 

PSNR, MSE FOR TWO ALGORITHMS FOR RETINA IMAGE 
 

   
(a) Segmented red lesions (b) Segmented blood vascular pattern (c) candidate lesion 

Image Existing Median Filter Proposed Extended Median filter 

PSNR MSE PSNR MSE 



International Conference on Inter Disciplinary Research in Engineering and Technology [ICIDRET]   63 

 

 Cite this article as: P Subbuthai, S Muruganand. “Candidate Region Extraction in Retina images through Extended 

Median Filter and Gabor Filter.” International Conference on Inter Disciplinary Research in Engineering and 

Technology (2015): 58-64. Print. 

 
 

 

 
 

 

 

 

 

The PSNR, MSE and RMSE are evaluated for simulation results and comparison of performance between proposed extended median 
filter and standard median filter is given in Table 1. Figure 4 illustrates the output of noise removal technique. Fig. 4 (a) illustrates the 
original retina image obtained from driven database. The input image contains red, blue and green channel, in the three channels green 
channel is more contrast. So extraction of Green channel of the retina image is illustrated in Fig. 4 (b). This green channel is used for 
further processing. Fig. 4 (c & d) provides the output of the standard median filter and proposed extended median filter. From the 
table clearly observed that the proposed extended median filter algorithm provides better result than existing median filter based on 
higher PSNR and lower MSE. 
 
Enhancement of regions are illustrates in fig. 5; fig.5. (a) Shows the opening and closing of retina image it contains dark lesions but 

need enhancement and it is shown in fig.5. (b). Gabor filter orientation with                      is shown in fig. 6. Through 
this orientation easily observe the visualization of blood vessels in all direction. Fig. 7 shows the segmentation results before and after 
the removal of blood vessels. This removal is helpful for removing the false candidate present in the retina image. 
 

III  CONCLUSION 
 
Automatic detection of diabetic retinopathy is one of the recent researches. The first manifestation of diabetic retinopathy is 
Microanerysms in retina image. This work is proposed to segment the candidate lesions from the blood vessels. The detection of blood 
vessel is crucial work, because it can be affected by some noise. So first noise removal is needed, in this paper noise removal is 
obtained by proposed algorithm of extended median filter. This algorithm is compared with existing median filter with performance 
metrics such as PSNR and MSE. The existing median filter only checks the fifth pixel in the given sliding window and it is switch over 
next sliding window. But proposed extended median filter not only fifth pixel, also checks the diagonal, vertical and horizontal pixels 
of the same sliding window. After this processing, it switches over to second sliding window. Experimental result proves that the 
proposed extended median filter algorithm gives better result than the existing median filter in terms of PSNR and MSE. After the 
noise removal technique, morphological operation of smoothing and contrast enhancement is carried for easily detection of blood 
vessel needed for accurately classified the diseases. Gabor filter is used in this paper for the extraction of different level or orientation 
of blood vessels. Gabor filters are applied to extract the blood vessels. Then finally segment the candidate lesions after the removal of 
blood vessels through matching filter and local entropy thresholding. This candidate lesions regions further given for feature vector, 
through this classification is carried and detect the abnormality in the diabetic retinopathy. 
 

REFERENCES 
 

[1] Mendonça AM, Campilho A. “Segmentation of retinal blood vessels by combining the detection of centerlines and morphological 
reconstruction”, IEEE Trans Med Imaging 2006;25(September (9)):1200–13.  

[2] Frame AJ, Undrill PE, Cree MJ, Olson JA, McHardy KC, Sharp PF, et al. “A comparison of computer based classification 
methods applied to the detection of microaneurysms in ophthalmic fluorescein angiograms”,ComputBiol Med 1998;28(3):225–
38.  

[3] Larsen M, Godt J, Larsen N, Lund-Andersen H, Sjølie AK, Agardh E, et al. “Automated detection of fundus photographic red 
lesions in diabetic retinopathy”, Invest Ophthalmol Vis Sci 2003; 44(2):761–6.. 

[4] IDF Diabetes Atlas, 4th edition. International Diabetes Federation, 2009. 

[5] A Ramachandran, AK Das, SR Joshi, CS Yajnik, S Shah, KM Prasanna Kumar, “Current Status of Diabetes in India and Need for 
Novel Therapeutic Agents”, june 2010 • vol. 58. 

[6] J. Astola and P. Kuosmaneen, “Fundamentals of Nonlinear Digital Filtering”, Boca Raton, FL: CRC, 1997. 

[7] J.G. Daugman, “Uncertainty relation for resolution in space, spatial frequency, and orientation optimized by two dimensional 
visual cortical filters”, J. Opt. Soc. Am. A 2 (7) (1985) 1. 

[8] Y. Hamamoto, S. Uchimura, et al., “A Gabor filter-based method for recognizing handwritten numbers”, Pattern Recog. 31 (4) 
(1998) 395–400. 

[9] A.K. Jain, F. Farrokhnia, “Unsupervised texture segmentation using Gabor filters”, Pattern Recog. 24 (12) (1991) 1167–1186. 

[10] LiliXu, ShuqianLuo, “A novel method for blood vessel detection from retinal images”, BioMedical Engineering OnLine 2010, 
9:14. 

Image 1 48.7633 0.8713 64.9034 0.0213 

Image 2 48.7344 0.8771 65.7270 0.0175 

Image 3 48.0464 1.0276 63.3963 0.0300 

Image 4 48.3754 0.9527 65/3643 0.0191 

Image 5 49.7443 0.6951 64.9034 0.0212 



International Conference on Inter Disciplinary Research in Engineering and Technology [ICIDRET]   64 

 

 Cite this article as: P Subbuthai, S Muruganand. “Candidate Region Extraction in Retina images through Extended 

Median Filter and Gabor Filter.” International Conference on Inter Disciplinary Research in Engineering and 

Technology (2015): 58-64. Print. 

[11] T. Chanwimaluang and G. Fan, "An Efficient Blood Vessel Detection Algorithm for Retinal Images using Local Entropy 
Thresholding", in Proc. of the 2003 IEEE International Symposium on Circuits and Systems, Bangkok, Thailand, May 25-28, 
2003. 

[12] R.A. Welikala, J. Dehmeshki , A. Hoppe , V. Tah, S. Mann, T.H. Williamson, S.A. Barman, “Automated detection of 
proliferative diabetic retinopathy using a modified line operator and dual classification”, computer methods and programs in 
biomedicine 114 (2014 ) 247–261. 

[13] AkaraSopharak, BunyaritUyyanonvara, Sarah Barman and Thomas H. Williamson, “Automatic detection of diabetic retinopathy 
exudates from non-dilated retinal images using mathematical morphology methods”, Computerized Medical Imaging and 
Graphics 32 (2008) 720–727. 

[14] N. S. Datta, R. Banerjee, H. S. Dutta, S. Mukhopadhyay, “Hardware based analysis on automated early detection of Diabetic-
Retinopathy”, Procedia Technology 4 (2012), 256 – 260. 

[15] NiladriSekharDatta, HimadriSekharDutta, Mallika De, SaurajeetMondal, “An Effective Approach: Image Quality Enhancement 
for Microaneurysms Detection of Non-Dilated Retinal Fundus Image”, Procedia Technology 10 (2013) 731 – 737. 

[16] Manuel E. Gegundez-Arias, Diego Marin, Jose M. Bravo and Angel Suerob, “Locating the fovea center position in digital fundus 
images usingthresholding and feature extraction techniques, “Computerized Medical Imaging and Graphics 37 (2013) 386– 393. 

[17] Daniel Welfer, Jacob Scharcanski, CleysonM.Kitamura, Melissa M. Dal Pizzol, Laura W. B. Ludwig, Diane RuschelMarinho, 
“Segmentation of the optic disk in color eye fundus images using an adaptive morphological approach”, Computers in Biology and 
Medicine, 40 (2010) 124–137 

[18] S. Wilfred Franklin, S. Edward Rajan, “Retinal vessel segmentation employing ANN technique by Gabor andmoment invariants-
based features”, Applied Soft Computing 22 (2014) 94–100. 

[19] Wang Y, Lee SC. “A fast method for automated detection of blood vessels in retinal images”, IEEE 
ComputSocProcAsilomarConf; 1998. pp. 1700–4. 

[20] Zana F, Klein J-C. “Segmentation of vessel-like patterns using mathematical morphology and curvature evaluation”, IEEE Trans 
Med Imaging 2001; 11(July (7)):1111–9. 

[21] Ho P-G. “Image segmentation”,InTech; 2011978-953-307-228- 9, Available: 

[22] Fraz MM, Remagnino P, Hoppe A, Uyyanonvara B, Rudnicka AR, Owen CG, et al. “Blood vessel segmentation methodologies in retinal images – a 
survey”,Comput Methods Programs Biomed 2012;108(October (1)):407–33. 


