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Abstract The Web in current years has become an essential platform of shared information. We see an
enormous number of Web sites contribute different categories of tools for users to interact with each other
and to establish their social networks online. We propose an ontology based user modeling framework for
Personalized Library Management System using protégé tool and Analyze user behavior with respective to
their web browsing activities. We use web logs to store information about the visitor’s action on a web site
and tracking URLs. The decision making system survey the web logs data and focus important links to
make navigation more effective. The proposed framework reduces the user’s search phase from massive web
Information.

Keyword: User behavior profiling, behavioral tracking, framework, Semantic usage Log, Ontology
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I. Introduction

The prompt evolution of data on the Web, with several billion pages and more than 400 million of users
globally access the huge repository information from web. Indeed, it is considered as one of the most
important means for sharing, gathering, and distributing information and services. At the same time this
information volume causes several harms that relate to the progressively trouble of searching, establishing,
retrieving, and maintaining the necessary information by user [1]. This paper challenges to provide required
information to the user. To retrieve relevant information we use personalization ontology framework [2].

In proposed system we use recommender system to provide relevant information by using semantic web
logs. We need to challenge the technical issues on transforming web access activities into ontology, and
deduce personalized usage knowledge from the ontology. Semantic web logs, which aim to determine
interesting and frequent user access behavior from web usage data, can be used to model previous web
access behavior of users[3],[4],[5].

The developed model can then be used for analyzing and forecasting the future user access behavior. In
Semantic Web background, user access behavior models can be shared as ontology [6], [7], [8], [9]. To
provide semantic usage personalization, we need to challenge the technical issues on how to define user
access activities, discover hierarchical relationships from user access activities, transform them into
ontology automatically, and deduce personalized usage knowledge from the ontology[10],[11],[12],[13].

This paper is organized as follows. Section II develops User Modeling Personalized Ontology for Library
System. Section III discusses about the Semantic Web Logs. Section IV proposes User Model Framework.
Section V Discuss Conclusion and Future enhancement and finally Section VI presents References.

II. Building User Modeling in Personalized Library Ontology

To build Ontology we define Classes, Subclasses and taxonomy (Classes Subclasses) of hierarchy. Then we
identify the properties, individuals, constraints and logical relationships between objects. In this paper we
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Figure 5 shows the Generic User Model Framework for Personalized ontology. The personalized usage
ontology stores user information. The knowledge from personalized usage ontology can be extracted as
Simple Activity Rules and Associate activity rule. In simple activity rules, each activity class are in the form
of, “If x is A then y is B is S”, where A and B are fuzzy sets of the corresponding temporal properties and
event properties of the activity class respectively. We can calculate the fuzzy truth qualifier S using the
confidence property (Conf) of the activity class and the minimum confidence (MinConf) that is used for
pruning the Web Usage Lattice.

In Association activity rules, “If x is A then y is B is S”, where A and B are fuzzy sets of the temporal
properties and event properties of the activity classes n and m. Here m to be the immediate subclass of
activity class n, Conf > MinConf. Then the association activity rule of fuzzy confidence(Conf) is equal to the
support property of the activity class m divided by that of activity class n[26],[27].

V. Conclusion and Future Enhancement

The generic user model for a specific user is established on an explicit description provided by the user
through the user profile editor (UPE) and by an implicit portion maintained by intelligent services. We
have proposed a user behavior model framework for personalized library ontology. Here we used user’s
decision making approach in semantic web logs that reduces user’s search time from the huge web. To
make navigation more effectively, the personalized library user model uses recommender system which
provides relevant web information. In future the proposed user behavior framework for personalized library
ontology further is enhanced to develop A Generic Web Library Ontology Framework.
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